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The Bayes Estimation of the Scale Parameter of
the Exponential Distribution under Mliex Loss Function

JIANG Zhan-feng
(Department of Education, Baicheng Vocational and Technical Teachers College, Baicheng Jilin 137000, China)
Abstract: The only Bayes estimator of the scale parameter exponential distribution is solved under Mlinex loss function, at the same
time, the permissibility of Bayes estimated 85 and the permissibility of estimators such as d [¢+ T (x)] are discussed. Main

outcome is: under Mlinex loss function, the only Bayes estimator of the scale parameter exponential distribution is 0y =

I' (at+p—0¢)
and ¢>0,d" =d.

Key words: Mlinex loss; Bayesian estimation; scale parameter; admissibility; exponential distribution
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