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Tab.1 Comparison of the results on LIVE databases
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Image Quality Assessment Based on Low Order Gaussian-Hermite Moments

TANG Tengjian, ZHU Yue
(Recruitment and Employment Office, Chongqing Industry Polytechnic College, Chongqing 401120, China)

Abstract: This paper presents a new full reference image quality metric based on Gaussian-Hermite moments. Orthogonal moments
are powerful tools in pattern recognition and image processing applications. Low order moments are employed to extract important
features in a block manner, from the image. The sign of the moment is taken into account to generate the relative moment differ-
ence, which is obtained by comparing the absolute moment difference to the moment of the reference image. The relative moment
difference would reflect more accurately distortion between distorted image block and original image block. So this will have more a-
bility to describe the image quality. The performance of the proposed method is evaluated on several public databases using Gaussi-
an-Hermite moments. Experimental results and comparisons demonstrate the efficiency of the method.

Key words: Gaussian-Hermite moments; full reference image quality metric; relative moment difference; absolute moment differ-

ence
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