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Adaptive Hybrid Mutation Gravitational Search Algorithm

LU Qingyu', ZHANG Xiaoming®
(1. Basic and Quality Education Department, Qinghai Architectural Vocational and Technical College, Xining 810012;

2. Basic Teaching Department, Changchun Architecture & Engineering College, Changchun 130607, China)

Abstract: [Purposes]In view of the shortcomings of Gravitational Search algorithm, such as easy to fall into local extremum in

function optimization, an adaptive hybrid mutation search algorithm was proposed. [ Methods ] The dynamic updating formula of

particle velocity and position is adopted to improve the accuracy of the algorithm. Mutation operator is introduced to optimize Gauss

variation of the optimal particle, and the adaptive T distribution variation of the non-optimal particles is improved. [ Findings]The

global exploration ability and local development ability of the algorithm are improved in function optimization. [ Conclusions ] The

simulation results on 9 standard test functions show that the proposed algorithm has better convergence accuracy and robustness

compared with the standard GSA and its improved algorithms.

Keywords: local extremum; Gravitational Search algorithm; ¢ distribution; function optimization
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