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Construction of Clustered Virtual Network in Software Defined Networks

LI Bo, GUO Songtao

(College of Electronic and Information Engineering, Southwest University. Chongqing 400715, China)

Abstract: [Purposes]As cloud computing becomes more and more massive and dynamic, it is a great challenge to effectively allocate

resource for different tenants’ computing requests while considering the performance of the whole network. [ Methods]To address

this problem, they propose a clustered virtual network (CVN) abstraction strategy and a dynamical heapsort algorithm.

Subsequently, they construct a crossing pod CVN (CP-CVN) and guarantee network performance. Furthermore, they formulate the

network optimization problem as a Linear Programming (LLP) problem. To achieve computation feasibility in massive data center

networks, they propose an approximation primal-dual algorithm for solving this LP problem. [ Findings] Theoretical analysis shows

that the proposed primal-dual algorithm is feasible and the experiment results verify that the algorithm is suitable for solving massive

computation problem in SDNs. [ Conclusions ] Theoretical and experimental analysis shows that the proposed primal-dual algorithm is

feasible and suitable.
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