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Fig. 1 Comparison of the convergence curve of functions
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Gaussian Perturbating and Dynamic Grouping for Cuckoo Search

XUE Yige', DENG Huiwen®
(1. College of Information Engineering, Wenzhou Business College, Wenzhou Zhejiang 325035;

2. College of Computer & Information Science, Southwest University, Chongqing 400715, China)

Abstract: [Purposes ] Cuckoo search (CS) is a new heuristic intelligent algorithm, which is easy to fall into local convergence,

convergence speed is not high enough and the solution accuracy is not fast enough. Aiming at the shortcomings of the original cuckoo

algorithm in solving the optimization problem, gaussian perturbating and Dynamic grouping for cuckoo search (GPDGCS) is

proposed. [ Methods ] GPDGCS algorithm uses Gaussian perturbation and dynamic grouping strategy in the process of solving the

original cuckoo algorithm, and avoids the local optimization of the algorithm to a certain extent. [ Findings | The results show that the

GPDGCS algorithm has higher convergence speed and accuracy than the original cuckoo algorithm through 6 typical test functions.

[ Conclusions ] The GPDGCS algorithm can avoid the algorithm getting into local optimum to a certain extent.

Keywords: cuckoo search algorithm; gaussian perturbation; dynamic grouping

(riEsmE # )



