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Abstract In this paper we study single-machine scheduling problems with Dejongs learning and forgetting effects in intermittent batch
production. We consider the models of no transmission partial transmission and total transmission of the Dejong’s learning effects from
batch to batch. The objective of scheduling problems is to minimize the total completion time. Firstly in the model of no transmission
from batch to batch we provide the polynomial-time optimal algorithm the complexity is O nlog n . In addition in the model of par-
tial transmission from batch to batch for the problem of batch sequence on the machine we introduce 0-1 variable and the problem
can be formulated as an assignment problem. As we all know an assignment problem exists in the polynomial algorithm and the com-
plexity of the polynomial algorithm is O m® . Further we give the polynomial-time optimal algorithm the complexity is O nlog n +
m’ . Finally we show that SPT-sequence is the optimal sequence for the jobs within each batch and present the polynomial time algo-
rithm for the special case that the job numbers of all batches are equal in the problem with the total transmission mod-nomial time algo-
rithm for the special case that the job numbers of all batches are equal in the problem with the total transmission models and the com-
plexity of the algorithm is O nlog n + m’
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