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Recognizing Human Actions by Particle Filter

ZHOU Weichun

(Department of Humanities, Sichuan Mianyang Vocational and Technical College, Mianyang Sichuan 621000, China)

Abstract: Action recognition is a hot research topic in image processing area. Some studies have shown that based on supervised

learning, spatial-temporal interest points which are extracted from images can recognize human action. Since interest points contain

some noises which are not related to human action. a method which is based on human skeleton is presented to refine interest points.

This method can improve the precision of human skeleton by particle filter. The refined human skeleton is used to get better interest

points. Based on “Weizmann”.“KTH?” dataset, experiment results show that the method can improve the precision of human action

recognition and human skeleton.

Key words: human action recognition; spatial-temporal interest points; particle filter; pose estimation; support vector machine
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