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Research on Large Data Graph Model of Efficient Mining Based on Cloud Computing

LIANG Jie
(Foundation Sector, Institute of Changchun Vocational Technology, Changchun 130000, China)

Abstract: For large data mining is an important task in the field of graph mining. Although cloud computing is very effective in sol-
ving the problems of the traditional calculation, but the frequent mining on large graph still faces three challenges: the graph parti-
tioning problem; the problem of information asymmetry problem with retained mode. In view of the above problems. this paper
presents a new SpinderMine mining method based on cloud namely c-SpinderMine method. The method uses cloud computing to the
patterns on large graph data mining. The method can solve the problem facing the mining algorithm in the cloud environment large
graphic data. In three groups of real data sets after the experiment, this algorithm can effectively shorten the execution time, and
the data processing in the cloud shows high scalability.

Key words: big data; cloud computing; graph pattern mining; frequent pattern mining

(GTEHRT PR





