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Research on Prediction of Achievements in 110 m Hurdle based on Minimum

Manifold-Based within-Class Scatter Support Vector Machine

ZHANG Yaqing
(Department of Mathematics, Taiyuan College, Taiyuan 030012, China)
Abstract: When dealing with the achievement prediction, SVM (Support Vector Machine) suffers from limitation of generalization
capability. In view of this, Manifold-based within-class Scatter Support Vector Machine (M?*SVM) is proposed and is used in the a-
chievement prediction of 110 m hurdle. 59 achievements of Liu Xiang from the year 2000 to 2009 are collected and construct the ex-
perimental dataset. Firstly, the first 54 achievements are used as training set and applied to build the prediction model; the last 5 a-
chievements are taken as test set. The effectiveness of M*SVM is verified by the similarity of the expected results and the actual re-
sults. The proposed method M?SVM is important to talent selection, achievement improvement and echelon construction.
Key words: Support Vector Machine (SVM); minimum manifold-based within-class scatter Support Vector Machine (M*SVM) ;

110 m hurdle; achievement prediction
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