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Tab.1 Six grouped data of generalized exponential distribution

HE [0,0.4) [0.4,0.8) [0.8.1.2) [1.2,1.6) [1.6,2) [2.3) [3.4) [4,00)
1 21 44 33 27 18 34 20 3
2 19 45 36 33 24 22 12 9
3 24 34 31 32 20 34 14 11
4 27 31 39 26 18 41 13 5
5 15 45 30 26 24 41 10 9
6 22 35 39 24 23 41 8 8
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Tab. 2 Bayes estimation and confidence intervals of generalized exponential distribution parameters
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Fig. 1 Bayes estimation results of the first grouped data
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Fig. 2 Bayes estimation results of the second grouped data
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Tab. 3 Bayes estimation and confidence intervals of generalized exponential distribution parameters
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Fig. 3 Bayes estimation results in censored occasion((a,A) =(1.5,1))
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Tab.4 Mean and mean square error of Bayes estimation

28 HAA P M H07 iR %
(a; ) (1.5, (2.5,2) (1.584 9,1.051 4) (0.038 9,0.015 0)
(a; ) (1,1 (2,2) (1.049 0,1.059 6) (0.014 0,0.019 4)
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Bayesian Estimation of the Parameters of Generalized
Exponential Distribution by Mixed Gibbs Algorithm

WANG Bingcan, WEI Yanhua
(School of Mathematics and Statistics, Tianshui Normal University, Tianshui Gansu 741001, China)
Abstract: It gives Bayesian estimation of generalized exponential distribution parameters using mixed Gibbs algorithm in the grouped
data and type II censored samples occasions, calculates the estimated mean, mean square error and the confidence interval for the pa-
rameter by the Monte-Carlo simulation, gives locus, histograms and autocorrelation coefficient figure of the parameters in the simu-
lation process. The results are quite satisfied; the algorithm is feasible, stable and high precision.

Key words: Gibbs sampling; generalized exponential distribution; grouped data; type ii censored sample; Bayesian estimation
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