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Tab. 2 Classification accuracy and standard error
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Fig.1 The change of accuracy with the percentage of labeled samples
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Fig. 2 The influence of parameter on the correct rate
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Research on Semi-supervised Learning via Non-symmetric Sparse Graph

LIU Jianfeng', LU Jia
(1. Office of Academic Affairs, Chongqing Three Gorges University, Wanzhou Chongqing 404100

2. College of Computer and Information Science, Chongqing Normal University, Chongqging 401331, China)

Abstract: [ Purposes ]How to construct an effective data graph, which is an important research direction in semi-supervised learning.

In order to study the relationship between data samples, and improve the performance of semi-supervised learning algorithm based

on graph. [ Methods ]Using the sparse representation of the data, we construct non-symmetric sparse graph of the data samples, and

experiment with the semi-supervised learning on the standard data sets. [Findings]In the framework of semi-supervised learning, we

establish the distance relationship. the internal structure and the sparse representation of the data between heterogeneous data and

similar data, and then the graph is constructed. [ Conclusions |Experiments on standard datasets show that the non-symmetric sparse

graphs can make use of the characteristic of semi-supervised learning, and data samples are classified effectively.

Keywords: data graph; semi-supervised learning; sparse representation; non-symmetric graph
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