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Tab. 1 The descriptive statistical tests of daily yield sequence and realized volatility for Shanghai composite index
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Fig. 3 DB, decomposition coefficient of realized volatility
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Research for Dynamic Value at Risk Based on Wavelet Realized Volatility

WU Xili', PENG Xuanhua®

(1. Key Laboratory for Nonlinear Science and System Structure School of Mathematics and Statistics,

Chongqing Three Gorges College, Chongqing 4041003

2. School of Econemics, Southwest University of Political Science & Law, Chongging 401120, China)

Abstract: [ Purposes] It does research for dynamic value at risk of stock market. [ Methods]It uses the wavelet multi-resolution

technique to decompose high frequency realized volatility into approximation and details signals, establish MRA-RV-ARFIMA-

GARCH-VaR model to measure dynamic value at risk under 1-2day, 2-4day, 4-8day and 8-16day scales. [ Findings ] The empirical

analysis shows that the model can primely catch the imformation of finacial market. It can also effectually forecast risk.

[ Conclusions ] Multi-resolution decomposition of the signal can effectively capture the volatility information on different time scales.

The approximate signal can be a very good fluctuation response for change trend. The asset volatility is sensitive to short-term

trading reaction. VaR on different time scales is better than the low-frequency GARCH class models.

Keywords: wavelet multi-resolution analysis; realized volatility; VaR; ARMA; GARCH
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