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Improved Multi-objective Optimization Genetic Algorithm Based on Selection Operater

XU Weina, WANG Dingguo, ZHAO Kequan
(School of Mathematical Sciences, Chongqing Normal University, Chongqing 401331, China)
Abstract: [ Purposes ] To improve the effectiveness of multi-objective genetic algorithm was for the sake of obtaining a more real Pare-
to front. [ Methods ] Computational complexity was reduced by using the definition of effective point. And on the basis of dynamic
programming for sorting Pareto frontiers, a density index depicting the degree of density of points in a Pareto frontier, was defined,
which in return, could leave selected points with great difference more than other points and become much closer to Pareto frontier.
[Findings | The multi-objective genetic algorithm was improved by reducing the computational complexity and increasing the diversi-
ty of selected points. [Conclusions] Numerical experimental result shows that this method is efficient.

Keywords: genetic algorithm; multi-objective optimization; Pareto frontier; selection operator
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