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The User Association Recommendation Method Based on Fuzzy Rough Neural Network

CHEN Xiang', TANG Junyong®
(1. School of Civil Engineering, Xi’an Technological University;
2. School of Computer Science and Engineering., Xi’an Technological University, Xi’an710021, China)
Abstract: [Purposes|In order to improve the effectiveness of the association recommendation in e-commerce, a new method is pro-
posed with fuzzy rough neural network. [ Methods ] At first, the personalization recommendation model is presented in this model,
and the recommendation algorithm process is given by the association rule. Then, it is solved with fuzzy rough neural network, and
user behavioral characteristics are calculated with fuzzy correlation coefficient and correlation degree. [ Findings |Finally, a simulation
is conducted to study the key influence factor of this method. The result was found that the smaller the minimum trustworthiness threshold
and the minimum support value, the higher the prediction accuracy. [ Conclusions ] Compared with other algorithms, this algorithm can reduce
the prediction error to a certain extent, and make the recommendation result more satisfying to the customers needs.

Keywords: personalization; association recommendation; behavioral characteristics; fuzzy rough neural network; prediction accuracy
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