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A New Causality Diagram Inference Algorithms Based on BDD

and Its Application in Bank External Fraud Risk

JIANG Jie, WANG Hongchun
(College of Mathematics, Chongqing Normal University, Chongqing 401331, China)

Abstract: [Purposes ] The inference process to use the traditional method of causality diagram to calculate disjoint cut sets is too cum-

bersome,so the reasoning method using binary decision diagram (BDD) is proposed. [ Methods] Firstly, the causality diagram is

transformed into a standardized causality tree, and then into BDD structure. After that, those disjoint cut sets which have been sim-

plified are obtained by searching path. [Findings |The theoretical analysis shows that the method avoids the process of solving the fi-

nal cut set as well as removing redundant disjoint cut sets, thereby reducing computational complexity in causality diagram infer-

ence. [Conclusions] Finally, applied in instance of Bank external fraud risk, by compared with the traditional reasoning. this method

is more efficient.

Keywords: causality diagram; binary decision diagram; standardized causality diagram; disjoint cut sets

(rERE #F )



