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Study on an Improved Keyword Extraction Algorithm

WANG Tao, LI Ming
(School of Computer and Information Sciences, Chongqing Normal University, Chongqing 401331, China)

Abstract: [ Purposes]Aiming at the influence of word topic and word similarity on keyword extraction, an improved TextRank key-

word extraction method is proposed. [ Methods]First, by using Latent Dirichlet Allocation (Latent Dirichlet Allocation, LDA) word

theme topic influence model to calculate the document model. Secondly, by employing FastText to generate word vectors and calcu-

late word similarity matrices. Finally. by integrating the weight of word theme influence and word similarity influence to optimize

the initial weight of vocabulary node in TextRank, iterative operation and keyword extraction of word graph model. [ Findings ] Ex-

periments show that the extraction result of the improved method is better than the traditional method. [ Conclusions]It is proved that

the global influence of word topic and the local influence of word similarity can effectively improve the performance of TextRank al-

gorithm in extracting keywords.

Keywords: word vector; TextRank; graph model; LDA
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