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The Improvement Estimation of Kernel Smoothing Estimation in
Varying-Coefficients EV Models
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Abstract This article is a more in-depth study of estimation in varying-coefficient EV modes. In this paper the improvement estimation
of coefficient functions in a varying-coefficients EV model are constructed by using kernel smoothing and generalized least square meth-
od. Firstly we change the model by using one-step kernel estimation 8, ¢, i = 1 n . In the use of generalized least squares
method we can get the second step estimation8 = S;'X" Y —g, T . Then the value of 8 will be substituted by the model the 3, ¢,

. . L 13 . , -
will be reduced toB, ¢, . We define the last estimationg, ¢, = — z w,; t Y, -X!B .Under appropriate regular conditions the
Mo i=1

strong consistency and uniform strong consistency of the estimator are obtained. Also using Matlab we compare the two estimates. The
imitation shows that the result has really improved.

Key words varying-coefficient EV models generalized least square method kernel smoothing estimation consistency



