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Tab. 2 Recognition performance comparison of different

environmental sound using different classifiers
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Environmental Sound Recognition for a Family Health Monitoring System

LI Lingli

(Department of Information Management, Guangdong Justice Police Vocational College, Guangzhou 510520, China)

Abstract: The recognition methods applied for music and speech data are not appropriate for the unstructured environmental sounds.

This paper presents a recognition method which uses HMM (Hidden Markov Model) and SVM (Support Vector Machine) as two-

level classifier, it realizes classification of six environmental sounds, namely speech. alert, phone ringing. laughter, screaming and

cough in a family health monitoring system. Firstly, Mel-Frequency Cepstral Coefficients (MFCCs) was used to analyze natural

sounds for their feature extraction . In addition. In the first level of environmental sound recognition, the MFCC are used as the in-

puts of HMM for classification, determine the most possible category which each environmental sound belongs to. Then, SVM clas-

sifier is used to make further judgment in the second step. The experiment results show that the technology can be used to recogni-

tion for quickly and accurately. Experimental results show that the two-layer recognition technology can improve recognition rate of

the easy to be confused environmental sounds in a family health monitoring system.

Key words: environmental sound; HMM; SVM; MFCC
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