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Fig. 1 The contradiction between data computation and human cognition
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Fig.2 A multi-granularity cognitive computing model for uncertainty problems
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Survey for Research on Multi-Granularity Cognitive Intelligent Computing

WANG Guoyin', WU Chengying®
(1. National Center for Applied Mathematics in Chongqing, Chongqging Normal University;
2. College of Computer and Information Sciences, Chongqing Normal University, Chongqing 401331, China)

Abstract; Cognitive computing and granular computing are effective approaches for simulating the cognitive mechanisms of the
human brain from different perspectives to construct intelligent computing models. Multi-granularity cognitive intelligent computing
integrates the advantages of these two computing paradigms, aiming to integrate the seemingly contradiction mechanisms between
the processes of human cognitive and information processing, thereby constructing computing models with robust, efficient, and
interpretable intelligent. It first summarizes classical multi-granularity cognitive computing models about addressing uncertainty
issues and their latest research advancements. Furthermore, the current research progress on multi-granularity cognitive intelligent
computing theory and its applications are elaborated from the perspectives of granulation and cognition. Finally, important issues
that urgently need to be studied in multi-granularity intelligent computing are analyzed and discussed.

Keywords: artificial intelligence; cognitive computing; multi-granularity; granulation; intelligent decision-making
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